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» Face inpainting aims to complete the corrupted
regions of the face images, which requires
coordination between the completed areas and the

Mask-Region Enhanced Module (MREM)
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correlation mining mechanism (MCM) to enhance

the feature relationships into the corrupted regions.
» Furthermore, to better improve the inter

coordination between the corrupted and non-

An overview of MDRNets. The MDRNets mainly consists of four steps: 1) Generate the coarse face.

2) DMM stores the semantic-level latent vectors. 3) MREM fuses the features from the DMM and
constructs a correlation map to enhance the correlations into the corrupted regions. 4) The fused

corrupted regions and enhance the intra coordination features after MREM are injected into the Guided Refinement Network. Furthermore, InCo2 Loss s o o o
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constrain the feature consistency. e o Face inpainting results from our proposed method.
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Detailed illustration of Masked Correlation Mining.

Detailed illustration of InCo? Loss.

Quantitative comparisons with SOTA methods




