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Background

1. Multi-view multi-person 3D human pose
estimation mostly done in controlled env

Clustering can be used to match human
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» Reaches SOTA performance without requiring

camera poses, 3D data, or network training
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Associating body joints to
obtain point correspondences

(b) Cam Pose Self-Validation
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Adjustment

Cross-view matching constraints

» Constraint 3: Ppl from same
camera not in the same cluster

 Constraint 2: Cluster size
smaller than number of cams

 Constraint 1: Cluster size
larger than 2

» Can estimate cam poses across various settings
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