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How aggregate information within a window In a time-efficient way?
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e Utilizing locally-enhanced inverted residual blocks (Locally- Qualitative results in downstream tasks
Enhanced IRB) instead of multi-layer perceptron (MLP) to learn

local representations.
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® Replacing layer normalization with batch normalization to improve
the inference speed without compromising performance.

® Stacking locally-enhanced inverted residual blocks to make each
patch fully encode information with other patches.
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