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. . Real-world data Synthetic data
Wi t h d omain AffordanceNet [H] | Baseline | AffNet-DA [A] | Our method
randomization was Grasp 0.731 0.482 0.473 0.611
Cut 0.762 0.575 0.599 0.604
generated to Scoop 0.793 | 0.647 0.332 0.639
Contain 0.833 0.859 0.83 0.710
Oove rcome t h € Pound 0.836 0.655 0.224 0.804
. sim2real gap. Support 0821 | 0519 0.541 0.578
WL L AN W-grasp 0.814 0.848 0.821 0.785
4 B2 O Average 0.799 0.655 0.546 0.676
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Real world robotic handover application
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Success rates
Object | Affordance | Baseline | Our method
Affordance prediction combined with a grasp sampler Hammer S;izfi 4000? ggz’;‘f’
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can find task-oriented grasps for a robot-to-human Grasp 50 % 50 %
handover application. ‘ Spoon Scoop 50 % 707

Affordance se gmentation
RGB » - . [ adle Grasp 80 % 80 %
- ’|  AffNet-DR i Handover C{)I]tﬂlﬂ 90 % 80 %

| cus I Turor Grasp 90 % 70 %
Point cloud lilini s || ‘esosiatien . ;
L m— Contain 70 % 90 %
| GraspNet Average success rate 55 % 82.5 %
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