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flow (Mill.) (for 4K) dataset (PSNR) (PSNR) (PSNR) (PSNR) (in s/f) (in Mill.)  (for 4K)
M2M-PWC [1] v 7.6 10 GB Vimeo90K 34.88 30.81 29.22 24.87 0.21 Ours (full) 0.9 1.6GB 30.45 29.29
RIFE,, [2] X 9.8 6.8 GB Vimeo90K 34.80 26.80 28.37 24.40 0.40 w/o finetuning projection vectors 0.9 4.6GB 29.46 28.34
XVEFT [3] X 5.5 >12 GB X-Train 34.04 30.34 28.82 24.62 — w /o backward flow (F;—o & Fi—1) 0.9 4.6GB 30.13 28.81
Ours X 0.9 4.6 GB X-Train 34.16 30.45 29.29 25.16 0.51 with synthesis 2.6 9.5GB 30.59 29.12

Conclusion

* We propose the fLDR module, an efficient way to extract low-
dimensional features for motion estimation.
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* Our framework is overall lightweight in terms of memory and
trainable parameters.

* We curate a new challenging 4K testset for frame interpolation.
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