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Problems in existing depth completion works:
High-performance models are heavy;

Lightweight models fail to get high quality depth map.

Image-guided Depth Completion
Color images have color cues, e.g., rich semantic

and object boundaries of the scene; Sparse depth
maps have strong distance-perceptive information.
Image-guided depth completion generate a dense
depth map.
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Visualization of multi-level feature maps
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Conclusion

CDCNet achieves competitive results compared
to state-of-the-art methods with much fewer
parameters on the KITTI depth completion
benchmark.




