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DCL achieved consistent improvement on
various baseline models and various
datasets without introduce any test-time

Methodology

. Summay

» Problem: instance segmentation algorithms tend to predict
Incomplete masks (i.e. false-negative errors).

» Encourage the segmentation network to learn more consistent feature
representations via dense contrastive learning (with infoNCE Loss).
» Pull closer the features on the same Iinstance, pushed farther features on

» Contribution: we propose a dense contrastive loss (DCL) to

encourage the model to learn consistent feature
representations for different pixels on the same instance.
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