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Similarity collapsed in hash codes space when we
preserve the feature similarity naively.
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Qualitative Results
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Methods . CIFARI10 ImageNet100 NUSWIDE MS-COCO GreedyHash SDC (Ours)
Highlights 16 32 64 16 32 64 | 16 32 64 16 32 64 >
VGG16 5 2 os.
LsH [3] STOC98 | 239 296 37.6 | 147 297 487 | 51.0 593 67.1 | 452 516 59.8 | E |
We reveal the fundamental Similarity Collapse SH [Ed] NeurIPS’08 | 41.8 42.1 435 | 351 509 609 | 63.0 609 640 | 594 0648 66.2 | 2 | I I l
. . L L ITQ (3] TPAMI'12 | 468 513 544 | 455 621 727 | 732 750 77.1 | 67.6 729 754 5- & -0
problem s_uffered by existing Palfwise Slm'la”ty SSDH [ET] IUCAI'18 | 41.0 396 385 | 323 40.1 446 | 668 678 667 | 539 567 574 FY- 17 B ‘ ihiﬁ!!l!!'ﬂ‘“
preservation-based unsupervised hashing methods. GreedyHash [E3] | NeurIPS°18 | 449 519 557 | 544 687 747 | 700 762 793 | 66.8 732 774 0132 34567 85 01234567 859
TBH [Ea] CVPR20 | 482 502 507 | 429 445 483 | 758 778 785 | 68.8 726 748 Classes Classes
We propose a Similarity Distribution Calibration CIBHash' [[3] IUCAI'21 | 562 592 612 | 639 714 746 | 77.1 797 809 | 73.3 770 785 sreedyhash DL 1Ours)
o S BiHalf [E3] AAAT21 | 547 581 60.6 | 607 712 760 | 774 80.1 819 | 712 756 78.0 N
(SDC) method by aligning the hash code similarity SDC’ Ours 598 640 663 | 728 785 80.6 | 807 823 834 | 769 798 81.2 5 £ o
distribution towards a calibration distribution (e.g., ResNet50 " E ol
beta distribution) with sufficient spread across the I;Sgi = UEA”Q 704-6* 3.5% 75-6: X : - | 728 SLI” 8244*: /40%  714% 7837 | S ol !!I!!
L . L DC? urs 742 758 784 | 80.7 83.8 857 | 812 832 842 | 783 81.1  82.6 ' g~
entire similarity range, thus alleviating similarity ST R/IG NEY- | N ihi‘
collapse problem. WCH' [E3] ACCV’22 | 775 793 806 | 694 769 808 | 707 756 786 | 73.0 788 814 EE c?assis 57 8B CXEEUDET ED
SDC? Ours 874 884 890 | 764 826 849 | 81.8 833 840 | 79.2 833 845
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