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Figure 5: Visualization of segmentation results on DRIVE and CHASE datasets. The first
and second lines are the DRIVE dataset, and the third line 1s the CHASE dataset. From Left
to Right: Retina images, Ground truths, proposed SRNet, DA-Net[29], and CGANet [28]

Figure 3: (a) Regular square pooling pyramid. (b) Regular strip pooling pyramid. (c) Our
proposed pooling pyramid with a diagonal pooling kernel.

Figure 4: Schematic illustration of the Striped Pooling module(SPPM).

Experimental Results

Method year | Input Type | Acc Sen | AUC
JL-UNet[34] | 2018 Patches 05.56 | 77.92 | 97.84
MS-NEN[33] | 2018 Patches 05.67 | 78.44 | 98.07

CE-Net[8] 2019 Image 95.45 | 83.09 | 97.79
CTF-Net[30] | 2020 Patches 05.67 | 78.49 | 97.88
CGA-Net[28] | 2021 Image 96.47 | 83.05 | 98.65
SCS-Net[32] | 2021 Image 96.97 | 82.89 | 98.37

DA-Net[29] | 2022 Joint 97.07 | 85.57 | 99.03
SRNet(our) | 2023 Joint 97.00 | 85.68 | 99.13

Table 2: Comparison with other state-of-the-art methods on the DRIVE dataset. The best
result is marked in bold and the second best result is underlined.
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result is marked in bold and the second best result is underlined.

Method year | Input Type | Acc Sen | AUC
JL-UNet[34] | 2018 Patches 96.10 | 76.33 | 97.81
MS-NFENJ[33] | 2018 Patches 96.37 | 75.38 | 98.25

CE-Net[8] 2019 Image 06.89 | 81.52 | 98.30
CTF-Net[30] | 2020 Patches 06.48 | 79.48 | 98.47
CGA-Net[28] | 2021 Image 97.06 | 86.78 | 98.12
SCS-Net[32] | 2021 Image 07.44 | 83.65 | 98.67

DA-Net[29] | 2022 Joint 07.66 | 87.04 | 99.08
SRNet(our) | 2023 Joint 97.82 | 87.06 | 99.17

Table 3: Comparison with other state-of-the-art methods on the CAHSE dataset. The best




	未标题
	未标题
	未标题
	未标题
	未标题

