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the following question. how can the Instance-level
alignment knowledge gained from contrastive pre-
training Dbenefit pixel-level audio-visual segmentation

TPAVI-ResNet50 [30] 72.79 848 47.88 578 72.1M 91.4M
AC-FPN (Hadamard) 77.12 874 49,95 635 32.1M 68.0M
AC-FPN (Concatenation) 77.29 8379 48.63 637 32.1M 68.2M

(AVS) ? To address this question, we approach the problem mecreen Results on Zero-shot AVS
from two perspectives: * Box-Prompt is best
rotcimt | comane < : | AC-FPN Decoder * Point-Prompt works without category list
* Supervised Audio-Visual Segmentation (AVS) Zero-shot AVS | | | Method S4 MS3
Transfer learning with pre-trained instance-level model | | * Strat. 1 No-Prompt: Segment Everything + AudioCLIP filter 10U Focore mIoU Foseore

AudioCLIP, leading to a simple yet effective model AC-FPN
that enables pixel-level predictions for sounding objects.

Random-SAM 7.0 240  11.5 187
Full-mask 19.0 226 1277  .170
No-Prompt 23.8  .338 19.7  .242
Point-Prompt(global) 27.2 424 194 279
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