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Target word Non-target word Background
R↓ SN↑ M↓ R↑ SN↑ M↓ SN↑ M↓

Original
Image 88.15 ー ー 88.15 ー ー ー ー

Ours 24.82 23.32 1.78 86.88 30.13 0.19 32.09 0.08

l R: Recall(%), SN: PSNR, M: MSE(%)
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Computation time(s)↓ 0.104 0.697
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l Target word detection rate
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[3] Gupta et al., CVPR 2016.

A scene text detector[1] A scene text recognizer[1]
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Naive SSTR realization by non-“end-to-end” multi-step processing

[1] Huang et al., CVPR 2022. [2] Suvorov et al., WACV 2022.

Ta
rg

et
 w

or
d 

de
te

ct
io

n 
ra

te
(%

)

France

China

Germany

Japan

MSE~0.5 ~1.0 ~	1.5 ~	2.0
India

0.0 0.5 1.0 1.5 2.0
Detection criterion 

(by MSE)

70

60

50

40

30

20

10

0

laxsevere

Ours

SwinTextSpotter


